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1 from distylegan import DiStyleGAN
2  model = DiStyleGAN()
model.train
4 dataset="./fakecifar/datazet",
save="results"
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o XII3% Python* ROUT bk (EFE) DAY RSA2-ATYav=zERALET,

$ python distylegan.py train -h
usage: distylegan.py train [-h] --dataset DATASET --save SAVE [--
c dim C DIM] [--lambda ganD LAMBDA GAND] [--lambda ganG LAMBDA GANG]
[--lambda pixel LAMBDA PIXEL] [--nc NC][--ndf NDF] [--ngf NGF] [--
project dim PROJECT DIM] [--transform TRANSFORM] [--z dim Z DIM] [--
adam momentum ADAM MOMENTUM] [--batch size BATCH SIZE] [--
checkpoint interval CHECKPOINT INTERVAL] [--checkpoint path
CHECKPOINT PATH] [--device DEVICE] [--epochs EPOCHS] [--gstep GSTEP]
[--1r D LR D] [--1r G LR G] [--1r decay LR DECAY] [--num test
NUM TEST] [--num workers NUM WORKERS] [--real dataset REAL DATASET]
options:
-h, --help show this help message and exit
Required arguments for the training procedure:
--dataset DATASET Path to the dataset directory of the fake
CIFAR1O data generated by the teacher network
--save SAVE Path to save checkpoints and results
Optional arguments about the network configuration:
-—c _dim C DIM Condition dimension (Default: 10)
--lambda_ganD LAMBDA GAND
Weight for the adversarial GAN loss of the
Discriminator (Default: 0.2)
--lambda ganG LAMBDA GANG
Weight for the adversarial distillation loss
of the Generator (Default: 0.01)
--lambda pixel LAMBDA PIXEL
Weight for the pixel loss of the Generator
(Default: 0.2)

--nc NC Number of channels for the images
(Default: 3)

--ndf NDF Number of discriminator filters in the first
convolutional layer (Default: 128)

--ngf NGF Number of generator filters in the first

convolutional layer (Default: 256)


https://github.com/ThanosM97/gsoc2022-openvino
https://github.com/ThanosM97/gsoc2022-openvino/blob/main/generation/requirements.txt
https://drive.google.com/file/d/1G6aGsUe7PWlRI9iO78u6_dlpoLiAFGZ-/view?usp=sharing
https://github.com/ThanosM97/gsoc2022-openvino/blob/main/generation/README.md#fakecifar10
https://github.com/ThanosM97/gsoc2022-openvino/blob/main/generation/create_dataset.py
https://github.com/ThanosM97/gsoc2022-openvino/blob/main/generation/distylegan.py

--project dim PROJECT DIM
Dimension to project the input condition
(Default: 128)
-—transform TRANSFORM
Optional transform to be applied on a sample
image (Default: None)
--z dim Z DIM Noise dimension (Default: 512)
Optional arguments about the training procedure:
—-—adam momentum ADAM MOMENTUM
Momentum value for the Adam optimizers'
betas (Default: 0.5)
--batch size BATCH SIZE
Number of samples per batch (Default: 128)
--checkpoint interval CHECKPOINT INTERVAL
Checkpoints will be saved every
checkpoint interval’ epochs (Default: 20)
—--checkpoint path CHECKPOINT PATH
Path to previous checkpoint
—-—device DEVICE Device to use for training ('cpu' or 'cuda')
(Default: If there is a CUDA device
available, it will be used for training)
-—-epochs EPOCHS Number of training epochs (Default: 150)
--gstep GSTEP The number of discriminator updates after
which the generator is updated using the
full loss (Default: 10)

--1lr DIR D Learning rate for the discriminator's Adam
optimizer (Default: 0.0002)
--1lr G LR G Learning rate for the generator's Adam

optimizer (Default: 0.0002)

--1r decay LR DECAY Iteration to start decaying the learning
rates for the Generator and the
Discriminator (Default: 350000)

--num test NUM TEST  Number of generated images for evaluation
(Default: 30)

—-—num _workers NUM WORKERS
Number of subprocesses to use for data
loading (Default: 0, whichs means that the
data will be loaded in the main process.)

--real dataset REAL DATASET
Path to the dataset directory of the real
CIFAR10 data. (Default: None, it will be
downloaded and saved in the parent directory
of input “dataset’ path)
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o Python* OfIZERLET,

1 from distylegan import DiStyleGAMN
2 model = DiStyleGAN()
images= model.generate(
4 checkpoint_path="../checkpoint",
nsamples=188,

B label=[8, 3, 7] # or label=x (int in range [8,9]), label=None

1

ave="synthetic-samples”,
8 batch_size=32

3
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$ python distylegan.py generate -h
usage: distylegan.py generate [-h] --checkpoint path CHECKPOINT PATH
--nsamples NSAMPLES --save SAVE [--label
[{0,1,2,3,4,5,6,7,8,9} ...]1] [--batch size BATCH SIZE]
options:
-h, --help show this help message and exit
Required arguments for the generation procedure:
-—checkpoint path CHECKPOINT PATH
Path to previous checkpoint (the directory
must contain the generator.pt and
config.json files)
--nsamples NSAMPLES Number of samples to generate per label

--save SAVE Path to save the generated images to
Optional arguments about the generation procedure:
--label [{0,1,2,3,4,5,6,7,8,9} ...]
Class label (s) for the samples (Default:
None, random labels) --> e.g. —--label 0 3 7

--batch size BATCH SIZE
Number of samples per batch (Default: 32)

o UMY rU—d webapp/ TALORJ—RATITY R flask run ZE1TLT Flask
webapp ZFERLFEITIRIC, AV RIAVICRRTSNBU VD (BIRIE
http://127.0.0.1:5000) 20 Uv I LFET . K 7 DEENRRIINET,
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http://127.0.0.1:5000/
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